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Al STRATEGY ARTIFICIAL INTELLIGENCE:
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TECHNOLOGY REMAINS A FORCE FOR GOOD
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Social Listening
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Social Listening: Al
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Artificial

intelligence s =
Anything you can do, Al can do ‘
better. re

So how will it change the workplace? o 2

Source: economist.com
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Strategy is about Resource Allocation

VC Deal Volume In US Artificial VC Dollar Volume In US Artificial
Intelligence, Machine Learning, And Intelligence, Machine Learning, And
Related Startups, By Stage Related Startups, By Stage

2008 through 2017. 2008 through 2017.

Il Seed-Angel I Early Stage B Seed-Angel M Early Stage

crunchbase news crunchbase news




Strategy is about Resource Allocation

Fquity deal share, 2013-2017
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Traditional Players are Moving

Microsoft




Traditional Players are Moving

CVS +

pharmacy

aetna
$698B
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Conservative

Highly regulated

Escalating
healthcare costs

Strong employer

interest in Industry Value Organization
telemedicine... Environment Proposition & Execution

...but patient
adoption lagging

Al technology



Value Creation from Telemedicin

WTP — I Patient convenience — consultations anytime, anywhere
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Costs —

Lower overheads
Resource pooling
Avoid high cost emergency room treatment
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Value Creation from Telemedicin

I Patient convenience — consultations anytime, anywhere

!

WTP —

Expectation of seeing doctor in person
Lack of physical interventions

O
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Patient activation costs
Costs —

Lower overheads
Resource pooling
Avoid high cost emergency room treatment
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Value Creation from Telemedicin

WTP —

O
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Costs —

1
!

I Patient convenience — consultations anytime, anywhere

!

Expectation of seeing doctor in person
Lack of physical interventions

How can Al help unlock the value
creation potential of telemedicine?

Patient activation costs

Lower overheads
Resource pooling
Avoid high cost emergency room treatment



Always there.

MDLIVE




MDLIVE

Always there.

24/7

24/7/365 Care
Anytime, Anywhere

10 Minute Average
Call Back Time

@
AR

US Board-Certified
Doctors

Prescriptions Sent
Directly to Your
Pharmacy




MDLIVE

Cost Savings

Redirection

UI&MWW—“D

Visits, Activation & Utilization

patient pemographics
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MDLIVE

MDLIVE

49.4%

Annualized

There were

4,903 visits 30,630 visits

in May-18 in 2018 YTD Utilization
There are There are

108343 9.2 36,775

currently eligibie currently engaged users

activated users

Utilization

Eligible Lives

May-18: 2140 14w| 2754 4903 76% |

MDLIVE

Medical History, Visit Summary

% of Active Users with Medical History Completions
Medical History Completed
16103
Medical History 11039
Completions
May-2018: 1'094
since Inception: 27 42 o so8
Primary Dependent

s Completed ®Not yet Completed wMay-18 = Sinco Incepbion

B

A S

Follow Up SOAP Notes sent to PCP

3444
20,637 (19%) >
Active users have
submitted their Primary
Care Provider (PCP) t0 MDLIVE Primary . 2288
»Since Inception u Year to Date

- O ACTIVE USHFS WIN MOGI HIESEY -dw&mmm\mm:wﬁaumwwmmmm
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Image courtesy of MDLIVE
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MDLIVE

Regression Model Erlang C Formula
Yo=But BuXy + 83X+ & i=L.,n=10 r=1..,7=20
Matrix Form:
‘;1 ]' 1il 2il /3 81‘1 X‘ ( N )
Y, X X : g >
Y =X+ Y, = x;2 Xi=|. ;112 ;2;2 b, = |:1811] &= :2 p(>0) = NI N-A
',' . 5 : ;
Yn 1 Xy Xan : & 20 ; 1 K + A‘ N
x=0 X' N' N‘A
Y X o Where:
Y X = 3 .
Y= | X=| 7| e=| ] A =1total traffic (in erlang c)
- x. b' N =number of resources
1”0 - ! - . . P{> 0) = probability of delay
S et P = probability of loss — Poisson formula
E@ =" V)= Eee)=v=| T2 2 TiYm 7 TanVa
0 i Vg OV 0'120"?10,10




Inputs: MDLive historical data

Visits per hour

Jan 28 Jan29 Jan30 Jan31 Feb1 Feb2 Feb3 Feb5 Feb6 Feb7 Febs
Hour of Start Time [2019]




Rates per 100,000 population

Inputs: External data sources

504

404

tenza Surveillance Report Prepared by the Influenza Division
Laboratory-Confirmed Influenza Hospitalizations

Preliminary cumulative rates as of Feb 02, 2019

MMWR Week

Age Selection
— Overalt
Al Age Groups
04 yr
517 yr
1849 yr
50-64 yr

65« yr

Walgreens Flu Index (Week Ending January 12th, 2019)

LeeHA

Trusted since 1901
I Top Ten Markets

Flu Index - States

I o



Integration: Scheduling Tool

Coverage within Day

Coverage within Day per State date
9/3/2018
state

Interval Alabama Alaska Arizona Arkansas California Colorado Connecti. Delaware District of.. Florida Georgia Hawaii Idaho llinois Indiana lowa Kansas Kentucky Louigiana Maine Maryland Mas Age

0:0 50% 45% 63% All

0:30 50% 57%

1:0 63%

Hour (bin)
All

Coverage % Dynamic
0% to 100%

Coverage

o I 100




Integration: S

Coverage by State

Coverage % Dynamic

ov I, SO 100

Coverage by Hour

Interval 08/31 09/01 09/02 09/03 09/04
6:0
6:30
T:0
T:30
8:0
B8:30
9:0
930
10:0

10:30

aan

cheduling Tool

Coverage Dashboard

Coverage by Hour Bin

12 AM to 6 AM 6 AMto 12 PM 12PMto 6 PM 6 PM to 12 AM

\—rﬂ

09/05 09/06 090

80%

Coverage % Dynamic

uﬁlllllll
2388388

0907 I
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Coverage by Day
100.0%

80.0%

60.0%

40.0%

Coverage % Dynamic

20.0%

0.0%

Sep1

Hour Grouping
All

Age
All

Sep 3

date
8/31/2018 to Y7/2018
and Mull values

Sep 5
Date [2018]

SepT




Integration: Scheduling Tool

Coverage Dashboard

Coverage by State

Coverage % Dynamic
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Coverage % Dynamic

Coverage by Day
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Trustpilot

MDLIVE MDLIVE ROGHELLE PICON

Reviews 1,561 ¢ Great 1 review

@ Verified order A day ago

Love MDLive

| loved being able to speak with a doctor about a minor problem, without
Write a review having to take off work to go to a doctor's appointment. The doctor was
thoughtful, caring, and thourough. | would use MDLive again.

Reviews 1,561 Filter by: Rating @)  English b Useful < Share ™ Notify
Excellent (I 71%

Great [ ] 7%

Average [ ] 5%

Poor [ | 4%

Bad [ ] 13%




Trustpilot

MDLIVE MbDLIVE

Reviews 1,561 e Great

Write a review

Reviews 1,561

Excellent I

Great [ ]
Average [ ]
Poor [ |

Bad ]

Filter by: Rating o

English

71%
7%
5%
4%

13%

NP

1 review

I0‘\.ﬂ'erified order Oct 31, 2018

Felt like doctors did not listen to...

Felt like doctors did not listen to anything | had to say. Giving 2 stars because
it was faster than going to my primary care doctor. Finally after the 2nd call for
the same reason, | got a prescription and was able to start feeling better! I'm
not sure | would use this service again, but this is the first time | experienced
this. In the past, | never had an issue and it was fast and convenient to use.

wh Useful < Share ™ Notify

Reply from MDLIVE Nov 1, 2018

Hello, we are so sorry to hear that you had an unpleasant experience with our
services. We would like to hear more about your concerns, so we have escalated
your comment to our team and someone will be in touch with you shortly. Thank
you so much for taking the time to give us your feedback.




MDLIVE

Predicted
Poor Fair Good Very Good Excellent

Poor| 99% 1% 0% 0% 0%
Fair 1% 98% 0% 0% 0%
Truth Good 0% 1% _ 1% 0%
Very Good 0% 0% 0% _ 5%
Excellent 0% 0% 0% 2% _




MDLIVE

MDLIVE Customer Queue @) Jeniffer Sanders ~
Name Gender Age Issue Location Wait Time
@) ESmith Female 64 Flu Symptoms Georgia 63:12 min Potential Issue Detected
M Perez Female 32 UTI Texas 13:32 min b Clitddriacat eI
under 50 points. Level 3 escalation
, (callback) is recommended.
R Scott Male 41 Sore Throat New Jersey 22:04 min
V Zucco Female 24 Sinus Infection Texas 7:54 min Senzzliiz el
A Peterson Female 34 Flu Symptoms California 2:14 min
S Adams Male 11 Ear Pain Florida 1:17 min
W Decker Female 36 Flu Symptoms Illinois 1:02 min




MDLIVE

MDLIVE

Esther Smith

69yr old patient in Georgia
Height: 5'6" Weight: 197 |bs

Chief Complain:
Flu Symptoms

Conditions:
Hypertension
Psoriasis

Medications:
Prilosec

Allergies:
Penicillin

Patient Name Confirmed
Location Confirmed
DOB Confirmed

Recommended Diagnosis:
Influenza (97% Confidence)

Customer mood: | ve L ‘)) 0

Video Audio Settings




Value Creation through Al

WTP —
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Costs —
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Patient convenience — consultations anytime, anywhere
Improved wait times
Service recovery

Expectation of seeing doctor in person
Lack of physical interventions

Patient activation costs — reduced through improved word of mouth

Greater physician utilization and satisfaction
Lower overheads
Resource pooling
Avoid high cost emergency room treatment



@ MDLIVE

Conservative

Highly regulated

Escalating

healthcare costs Data integration

Strong employer

interest in Industry Value Organization Intearati
. , e . gration of
telemedicine... Environment Proposition & Execution analytic insights

...but patient
adoption lagging

Al technology Patient wait times

Doctor utilization Service recovery
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Source: “Creative Commons iPhone disassembled” by Andrew Mager licensed under CC BY-SA 2.0 \J



Source: ING Bank Website

12:00 PM

Orange Everyday

BSE: 065123 - ACC! 10091716

*406.50

Current balance 5456.50

Internal Transfer +$100.00

S
1y Saving

Interest Credit + $1.45

Insurance




\ V1 / Same or different from the software-

N\ P 4 based digital revolution?
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Logic of Traditional Computing

Programs

COMPUTING QOutcomes



Logic of Machine Learning

Outcomes

COMPUTING Programs




Logic of Machine Learning

Outcomes

COMPUTING Programs



Not Apple




Neural
Networks

hidden layers

input layer output layer




Apple: 99.8%
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Why Now?

..otorage Costs Declining = 38% Annually, 1992-2013...

Decreasing cost/ performance of digital storage enables
creation of more / richer digital information...

Global Storage Cost Trends
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@ K P B Note: Y-axis on graph is logarithmic scale.
Source: John Hagel, Deloitte, 5/14.






Why NOW? Compute Costs Declining = 33% Annually, 1990-2013...

Decreasing cost/ performance curve enables
computational power @ core of digital infrastructure...

Global Compute Cost Trends
$1,000.00 - ¢527

$100.00

$10.00
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@ K P B Note: Y-axis on graph is logarithmic scale.
Source: John Hagel, Deloitte, 5/14.




Why Now?




= Microsoft

AZURE

.....

‘£ Amazon Al

Intelligent Services Powered By Deep Learning
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Value Creation from Al

Novel and improved predictions
Faster predictions
Mass personalization

I Breakthroughs in image processing

WTP — Breakthroughs in natural language processing (NLP)

-
O
3%
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g
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Costs —

Falling costs of (specialized) processing
Explosion of data with digitalization
Strong open source tradition for ML code

!




Value Creation from EVs

Eco friendly image
I Tax credits

WTP — Lower maintenance costs
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Costs —

Simpler engine technology
Government encouragements (eg ZEV credits)




Value Creation from EVs

Eco friendly image
I Tax credits
WTP — Lower maintenance costs

Range anxiety
Charging inconvenience (time, network)
Batter life and resale value

o g Dealer support

3%

©

>0

(&) :
High batter costs
Lack of production volume
Costs — Lack of cumulative production experience

Simpler engine technology
Government encouragements (eg ZEV credits)
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Google

Translate
English ~ b o) & Turkish ~ 0O © Turkish ~ $ )| English ~ I_D )
She's a mother O bir anne O bir anne She's a mother
English ~ & O & Turkish ~ ||_:| ) Turkish ~ & o) | o | English ~ I_El ©

She's a doctor O bir doktor O bir doktor He is a doctor




Value Creation from Al

Novel and improved predictions
Faster predictions

I Mass personalization

!

Breakthroughs in image processing

WTP — Breakthroughs in natural language processing (NLP)

Data privacy concerns

Black box and lack of transparency
Risk of bias

Reputational risks

Value
Creation

High fixed costs of acquiring and preparing data
Scarcity of specialized talent
Legal and regulatory risks

Costs —

Falling costs of (specialized) processing
Explosion of data with digitalization
Strong open source tradition for ML code

!







Choose wisely!

Analytics-driven hiring and retention Predictive service/intervention

Channel management Pricing and promotion

Churn reduction Procurement and spend analytics
Customer acquisition/lead generation Product development cycle optimization
Customer service management Product feature optimization

Fraud and debt analytics Risk modeling

Inventory and parts optimization Sales and demand forecasting
Logistics network and warehouse optimization Smart capital expenditures

Marketing budget allocation Task automation

Next product to buy/individualized offering Workforce productivity and efficiency

Predictive maintenance Yield optimization

Source: www.mckinsey.com/featured-insights/artificial-intelligence/visualizing-the-uses-and-potential-impact-of-ai-and-other-analytics



Positive Feedback & Platforms

/ Adoption \

Value Creation Installed Base

\ Software /

Developers
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Positive feedbacks 7

Alibaba.com



Positive feedbacks =y

Alibaba.com

Buyers

=

Seller



Positive feedbacks =y

Alibaba.com

+ Functionality

Seller o/



Early Mover Advantages in Al

Customers
/ €

Value Creation + Data

Talent

Machine
Learning
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